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Abstract

Robust Header Compression (ROHC) is a specification being developed by the Internet Engineering Task Force
(IETF) for compressing protocol headers robustly over wireless channels to improve bandwidth efficiency. Traditionally,
header compression schemes are designed based on qualitative descriptions of source headers. This is inadequate because
qualitative descriptions do not precisely describe the effect of different source and deployment scenarios, and it is difficult to
perform optimization using this methodology. In addition, due to the use of qualitative descriptions, most studies on
header compression performance do not take into account the tradeoff between performance metrics such as robustness
and compression efficiency. In this paper, we present a modeling framework for header compression. For the first time,
a source model is developed to study header compression. Modeling the way packets are generated from a source with
multiple concurrent flows, the source model captures the real-world behavior of the IP Identification header field. By vary-
ing the parameters in the source and channel models of our framework, different source and deployment scenarios can be
modeled. We use the framework to define and establish the relationship between performance metrics, offering new per-
spectives to their current definitions. We then introduce the objective of scheme design and the notion of optimal schemes.
Based on this new paradigm, we present a novel way to study the tradeoff dependencies between performance metrics. We
demonstrate how a scheme can be designed to optimize tradeoffs based on the desired level of performance.
© 2005 Elsevier B.V. All rights reserved.
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1. Introduction

Header compression improves the bandwidth efficiency over bandwidth scarce channels and is especially
attractive in the presence of small packet payloads, which is often the case in practice. Interactive real-time
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Nomenclature
A Channel A packet error process
B Channel B packet error process

b bit parameter of (W)LSB code
BER, bit error rate on condition that the channel state is good
BER, bit error rate on condition that the channel state is bad

C compressor process

C; mean compression success probability for the jth code in the codebook
C compression efficiency

CT compression transparency

D decompressor process

f a generic flow of packets

fo glow of observation

g number of complicated CHANGING fields in the header

hy state truncation threshold; number of states in flow f of truncated model
K number of codes in the codebook ¥

m length of the field in bits

ny number of packets transmitted by the source S to the compressor C

ng number of packets received by the compressor C from the source S

or . offset parameter of (W)LSB code

qgjj)> source model state transition probability, from state (f,j) to (f,/’)

r context refresh period

S source process

U; probability of using the jth code in the codebook

w size of context window; measure of robustness

X channel state process

Y bit error process

Z packet error process

B position of the first bit of the jth packet in a series of packets

A source delta process

€ error due to truncation in Markov model

Vi nth order probability distribution

n overhead incurred in ‘discriminator bits’ to signal code used in codebook
A length of the jth packet

{ set of (w,r) pairs satisfying the desired compression transparency criterion
pK codebook of K — 1 (W)LSB codes with 1 fallback uncompressed code

applications like IP telephony, multi-player network gaming and online chats all generate disproportionately
small payloads in comparison to headers. In addition, non-real-time applications like web browsing predom-
inantly carry payloads no more than a few hundred bytes.

The adoption of early header compression schemes over wireless links failed because early schemes like Van
Jacobson Header Compression (VJHC) [1] were designed to operate over reliable wired links. Each loss of a
compressed packet caused the compressor—decompressor context synchronization to be lost, generating a
series of packets discards due to corrupted packets from decompression failures. The error condition persisted
till packet retransmission initiated by higher layers (e.g. TCP) restored context synchronization. Over wireless
links where high error rates and long round trip times are common, this caused header compression perfor-
mance to deteriorate unacceptably. To deal with this, a number of schemes like IP Header Compression
(IPHC) [10] and TCP-Aware Robust Header Compression (TAROC) [9] were proposed to offer robustness
against packet loss in wireless channels. The ROHC is currently the state-of-the-art header compression
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technique. A robust and extensible scheme, the ROHC is being developed by the IETF [2], and is an integral
part of the 3rd Generation Partnership Project-Universal Mobile Telephone System (3GPP-UMTS) specifica-
tion [3].

The deployment scenarios for header compression have been increasing over the years. Early header com-
pression schemes like VJHC were first used over wired serial IP lines [1]. Current efforts mainly focus on devel-
oping header compression over ‘last hop” wireless links and cellular links like UMTS [2]. Some of the most
recent proposals explore header compression over multiple hops in a mobile ad hoc network [6], and even
for high-speed backbone networks [14].

With the expected deployment of ROHC in increasingly diverse types of networks, the evaluation of
Robust Header Compression performance in different scenarios becomes crucial. A number of tools and stud-
ies related to header compression performance can be found in the literature. The effect of ROHC on the sub-
jective and objective quality of video was evaluated in [12] from a test-bed. Other studies evaluate header
compression performance by simulation. Specialized ROHC simulators like the Acticom ROHC Performance
Evaluation Tool [8], the Effnet HC-Sim [7] and the ROHC simulator-visualizer [13] have been developed for
this purpose, though they are not readily available in public domain. Most studies in literature focus on var-
ious issues in header compression. An early study investigated the effect of inter-leaving at the packet source
on RTP header compression [11]. A proposal on header compression over Multi-Protocol Layer Switching
(MPLYS) in high-speed networks investigated the tradeoff between compression gains and implementation cost
[19]. The cost and performance due to the context establishment has been studied using an analytical model in
[16] and the handover aspect was analyzed in [17]. The ROHC-TCP context replication mechanism was stud-
ied using packet traces in [15]. The notion of adaptive header compression was introduced in [18], where it was
suggested that scheme parameters like the context window size and packet refresh rate be made adaptive to
link conditions and packet sizes. However, the issue of how these parameters can be made adaptive was
not addressed in the same paper.

While progress in several key aspects has been made in the above studies, we note that the above studies
on header compression performance typically assume some particular network deployment scenario, i.e.
over ‘last-hop’ wireless links. Moreover, we find that with the exception of few studies [7,11,15], the operat-
ing environment influencing the content and sequence of headers arriving at the compressor has not
adequately addressed. The common setup used involves two nodes—the compressor and decompressor,
separated by a wireless channel (simulated or real) in between. Indeed, this is a setup used in ROHC intero-
perability tests [8,12]. In most studies, the performance is evaluated by generating packets at the compres-
sor (sometimes with real application payloads) for performing header compression. We note that the
header contents generated in experimental conditions may be different from those in real operating environ-
ments. Because most studies do not ensure their headers are generated based on real-world behavior, they
inadvertently assume idealized operating environments (e.g. handling non-concurrent flows) at the source.
Moreover, the effect of packet loss between the source and compressor has not been studied in any existing
work. Due to these shortcomings, packet headers produced under experimental conditions may become easily
compressed at high efficiencies. Because this seems easily achieved, the interaction and tradeoffs between
ROHC performance metrics like robustness and compression efficiency are often not examined in existing
work.

The second issue deals with the design methodology of header compression schemes. Since the proposal of
the first TCP/IP header compression scheme, VIHC [1]in 1990, it has been more or less a tradition for scheme
design to be based on rules-of-thumb and qualitative descriptions of source headers [2,4]. Without a formal
approach, the effects of different source and deployment scenarios cannot be precisely described, and optimi-
zation is difficult. As such, the notion of optimized schemes does not exist.

To deal with these issues, our first contribution in this paper is to propose a framework for modeling
Robust Header Compression. The framework has five stochastic processes as its main components: the source,
the source-compressor channel, the compressor, the compressor-decompressor channel, and finally the
decompressor. By including the source process and source-compressor channel in the framework, a more com-
plete picture of the main components affecting the performance is obtained. The framework is designed to be
flexible enough to allow different scenarios to be modeled. For example, different deployment scenarios can be
modeled by tuning the parameters of the channel models.
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The ROHC has qualitatively defined three metrics for ascertaining the performance of an ROHC scheme:
compression efficiency, robustness and compression transparency. We show that our modeling framework
offers new perspectives to the definition and understanding of header compression performance metrics, using
which we present a novel way to study the tradeoff dependencies between performance metrics.

Moving on from qualitative descriptions of header behavior to mathematical models, we present a real-
world source model for studying header compression. This is the first time a source model is used for studying
header compression. Built on a Markov model of the packet source, our source model captures the real-world
behavior of the IP Identification header field in TCP flows. The effect of multiple concurrent flows on field
behavior is modeled using a chain of Markov states for each packet flow. Using real traffic, we have built
a real-world IPID source model for the average source. Interestingly, the source model may have wider appli-
cations because it also models the way packets are generated from a source with multiple concurrent flows. We
also obtain the models for a busy source and the non-concurrent source in idealized operating environment.
By plugging the desired source model into our modeling framework, the effect of different source scenarios on
the performance outcome is investigated. Our results in Section 5 verify our intuition that the idealized oper-
ating environment of non-concurrency coupled with a perfect source-compressor channel leads to unrealisti-
cally high compression efficiencies almost independent of the robustness configuration.

Using our framework, we formally introduce the notion of optimized schemes. Presenting a tradeoff opti-
mization procedure, we show, for the first time, that the parameters of a ROHC scheme can be tradeoff opti-
mized based on the desired level of performance. This opens up the possibility of adaptively optimizing the
entire set of parameters in a ROHC scheme, instead of adapting two parameters as suggested in [18] without
optimization.

This paper is organized in the following structure. In the next section, we present the background and prob-
lem definition. Our framework for modeling header compression will be developed in Section 3. In Section 4,
we present the source model for studying header compression. This is followed by our results from the per-
formance and tradeoff study in Section 5. After a short discussion on future work, we end this paper with
the significance of our contributions in conclusion.

The notation adopted in this paper is as follows: random variables are in upper case whilst values are in
lower case. Vectors are assumed to be row vectors, and both vectors and matrices are denoted in bold, while
the former is in lower case and the latter is in upper case. (*)" is used to denote the transpose of a matrix or
vector.

2. Background and problem definition

We begin by giving an overview of the ROHC system. After presenting the background on encoding meth-
ods and robustness, we then proceed to define the objective of ROHC scheme design. At the end of this
section, we introduce a channel model which will be used in later sections.

2.1. Overview of Robust Header Compression

Fig. 1 gives a pictorial overview of the ROHC system over a wireless channel. In general, a number of
packet flows pass through the system simultaneously. The compressor compresses each packet by referring
to previous headers of the same flow. This is done by maintaining a window of w contexts per flow, where
each n/th context stores the nith previous header. As will be elaborated upon, the window of w contexts are
required for robustness. The decompressor is only required to maintain a single context per flow. This context
stores the latest header which has been verified to be successfully decompressed through passing the Cyclic
Redundancy Check (CRC). The decompressor may then feedback the compressor upon verification success
or failure. To facilitate feedbacks, each packet is uniquely identified with a Sequence Number. In ROHC-
TCP, this is called the Master Sequence Number (MSN), which is maintained as a flow-specific counter [5].

The actions performed by the compressor and decompressor are state-dependent, controlled by the com-
pressor and decompressor state-machines respectively. Three compressor states are defined in the ROHC
framework: Initialization and Refresh (IR) state, First Order (FO) state and Second Order (SO) state [2];
the three states are reduced to two in ROHC-TCP: IR state and Compressed (CO) state, for which the latter
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Fig. 1. Pictorial overview of Robust Header Compression system.

state is synonymous to the FO state [5]. The name of the state is indicative of the operation in that state: In IR
state, the full header is sent uncompressed; In FO (SO) state, the first (second) order differences between pack-
ets are used to perform compression. Naturally, header compression is the most efficient in the SO state.

For the purpose of clarity, we will implicitly adopt the two-state compressor state machine used in ROHC-
TCP for our problem definition and analysis. However, it is not too difficult to extend our analysis using the
same approach for the three-state case.

2.2. Encoding methods and robustness

Header compression is possible due to the fact that most header fields either do not change throughout a
flow, or increase with small deltas between consecutive packets of a flow. To deal with this, the IETF ROHC
Working Group came up with the taxonomy for header fields. Based on the qualitative descriptions of header
field behaviors, header fields are classified into three broad categories for different compression strategies:
STATIC, INFERRED and CHANGING.

STATIC fields do not change and need only be communicated once per flow. Appropriately, this is called
STATIC encoding. INFERRED fields, on the other hand, do not even need to be transmitted.

Most of the complexities required in header compression schemes are attributed to a relatively small num-
ber of CHANGING fields. Fields like IP Identification (IPID), TCP Sequence Number and Acknowledgment
Number are known to mostly increase between headers with relatively small deltas. The type of encoding used
for these deltas makes the difference between a good and poor scheme. In VIHC, CHANGING fields are
encoded using the deltas of consecutive headers. This means that the encoded form of a field takes on a value
equivalent to the delta from the reference field in the previous header. For example, if the TCP Sequence Num-
bers in two consecutive headers are 2900000 and 2900360, then the field in the second header can be encoded
into its delta, 360 instead. To facilitate encoding (decoding), the previous packet header is stored in the context
at the compressor (decompressor). Though this approach is simple, the decompression of each header requires
the previous header to be received correctly. This approach is unsuitable over wireless links because a single
packet loss invalidates the decompression context to be used for the next packet, and so the compressor—
decompressor context synchronization is lost. Thus, the next packet will not decompress correctly and is dis-
carded. By induction, all subsequent decompression contexts also become invalid, causing an avalanche of
packet discards till higher layer (e.g. TCP) retransmission mechanisms are activated. This solution is unsatis-
factory because higher layer recovery incurs long delay and high overhead. This phenomenon is known as
damage propagation.
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The Least Significant Bit encoding (LSB) is proposed in ROHC as an alternative to delta encoding. A LSB
code is defined by two parameters, (b, 0y). Instead of compressing fields into deltas, it requires the b least sig-
nificant bits of the field to be sent over the channel. A LSB encoded field can be decoded unambiguously if the
difference of the original value with respect to the reference value is within the interpretation interval
[—op 201 - oy]. Using the previous example where we encode the value 2900360 using 2900000, suppose
we first define a LSB code (b,07) = (10,0) known to both the compressor and decompressor. With knowledge
of the previous value, 2900000, and receiving only the 10 least significant bits of 2900360, i.e. 0110001000 in
binary, the decompressor simply locates the binary sequence in the range [2900000, 2900000 + 2'° — 1] and
thus is able to uniquely identify the next value as 2900360.

Note that the field can be encoded only if the delta is within the interval. Using the same example, if the LSB
code (4,0) is used instead, then only values between 2900000 to 2900015 inclusive can be encoded without
ambiguity. In this case, the LSB code defined by (4,0) has failed to encode the field and the compressor
has to decide on other alternatives. Note that since the size of the interpretation interval is 2°, only b bits
are required to identify the position within the interval, and thus only b bits are communicated in encoded
form.

To cope with the case where a LSB code fails to encode a field, a series of LSB codes can be used as further
attempts to LSB encode the field. If all specified LSB codes fail, the compressor falls back to sending the field
uncompressed. The latter can be seen as the final ‘code’. When the offset is constant, a set of K — 1 LSB codes
and one uncompressed ‘code’ constitutes the codebook for a single field, and can be defined as
pk — {{(b,»,of)}f;l,m}, where b; > b; if j > i, m is the length of the field in bits, and K € [1,m + 1] is the size
of the codebook. The compressor shares the same codebook with the decompressor, and the compressor sig-
nals the code used with up to [log, K] ‘discriminator bits’, which are incurred as overhead. In ROHC-TCP, the
overhead may be less than [log, K| bits due to the use of Huffman coding, and this is usually necessary when K
is large.

Note that in our definition of a codebook, ¥X, we have assumed a constant offset parameter, oy, for all the
LSB codes in the codebook. By defining the interpretation interval as [—op 201 - oy], the ROHC allows the
position of the interpretation interval (with respect to the reference field) to be shifted through the pre-defined
offset o, Although there is no formal requirement to do so, the ROHC recommends defining o based on field
behavior [2], i.e. if the field value only increases, then o,should be —1. If the field value is non-decreasing, then
orshould be 0. If it is strictly decreasing, then it should be 2’ For example, by simple substitution, the inter-
pretation interval for the strictly decreasing case is [—2°, —1]. Using 2900000 again as the reference value and
this time with (b,0,) = (10,2'%) as the LSB code, only values within the range [2900000 — 2'°,2900000 — 1]
can be encoded. It is thus evident that this offset value is best suited for a field with strictly decreasing
behavior.

Note that LSB encoding alone does not provide any form of robustness because it still requires exact syn-
chronization between the compressor and decompressor contexts. The robustness is due to an extension of it,
the window-based LSB (WLSB), which does not require exact synchronization. In WLSB, the compressor
keeps a sliding window of the last w contexts for each flow, but the decompressor maintains only the last suc-
cessfully decompressed context (see Fig. 1) for each flow. Thus, the LSB is in fact a specific case of WLSB with
w = 1. For each packet, the compressor ensures that the compressed packet can be decompressed using any con-
text within its sliding window. Thus, the decompressor’s context is valid as long as it is identical to any one con-
text inside the sliding window used at the compressor. We can see that robustness is achieved: only one out of
w contexts at the compressor need to be synchronized with that at the decompressor and in the worst case, the
scheme can tolerate up to (w — 1) consecutive packet drops without damage propagation.

We now explain zow “‘the compressor ensures the compressed packet can be decompressed using any con-
text within its sliding window”. Recall from our explanation on the LSB code (b, 0,) that an encoded field can
be decoded unambiguously if the difference of the original value with respect to the reference value is within the
interpretation interval [—oy, 21— o7]. We now extend this reasoning to the WLSB code (b, 0y) where there is
a window of w contexts (and thus a window of w reference values). If the compressor wants to ensure that the
encoded field can be decoded using any context within its sliding window, then it encodes the field only if this
condition is satisfied: The difference of the original value with respect to each reference value in the window of
contexts is within the interpretation interval [—oy, 201 - o7l.
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We use the same example where we tried to encode 2900360, this time with the WLSB code (b,0,) = (10,0)
of window size w = 2. Suppose the compressor has two previous values, 2899500 and 2900000, as references.
Since 2900360 € [2899500,2899500 + 2'° — 1] and 2900360 € [2900000,2900000 + 2'° — 1], by receiving only
the 10 least significant bits of 2900360, the decompressor can use either reference value to uniquely identify
the next value as 2900360. However, with two conditions to be satisfied before the value can be encoded, a
slightly larger value, e.g. 2900700, cannot be encoded using the same code, since 2900700 ¢ [2899500,
2899500 4 2'° — 1.

WLSB achieves robustness by preventing damage propagation. The ROHC uses two other mechanisms for
fast recovery from damage propagation: periodic context refreshes and optional feedbacks, instead of relying
on higher layer recovery mechanisms. Periodic context refreshes simply means sending uncompressed packets
at periodic intervals of r packets. With this mechanism in place, damage propagation can no longer extend
beyond r packets easily. Feedbacks from the decompressor further accelerate recovery through explicit
retransmission requests at the header compression layer. However, this is an optional feature and we assume
the absence of feedbacks in this paper.

Finally, note that for a single field, we define the set of parameters denoting a Robust Header Compression
scheme as {¥X,w,r}, where ¥* is the codebook such that ¥ = {{(b;, Of)},]:]lvm}- Extending this to include
all CHANGING fields in the header, the entire set of parameters defining a Robust Header Compression
scheme becomes {'I’If‘7 W§2, e ‘I’fg, w,r} where g is the number of complicated CHANGING fields.

At this stage, the objective of scheme design is to determine suitable values for these parameters given exter-
nal conditions over which the designer has no control of. We will see that our modeling framework enables a
more formal and meaningful definition of the objective of scheme design.

2.3. Channel model

We are interested in a model for the packet loss/survival process over a channel. A variety of models
attempting to model the packet loss/survival process exists in the literature. We select a particular model which
has been found to be relatively accurate [20], and which can be easily adjusted to model wireless channels in
high and low speed mobility [21]. We outline an adapted version of this model and the interested reader is
referred to [20] for details.

Let {Z(j): j=1,2,...} be the packet loss/survival stochastic process over the channel, with event space
{1,0} denoting the events of packet survival and packet corruption respectively. {Z(j)} can be defined from
the lower-level bit error/error-free process.

The bit error/error-free process is modeled by the well-known Gilbert-Elliot model. Let X(i) € {good, bad}
denote the channel state during the transmission of bit i. The channel state process { X(i): i =1,2,...} is mod-
eled by a two-state Markov chain as shown in Fig. 2. In each state, a state-dependent bit error rate exists in the
duration of that bit transmission, denoted by BER, and BER}, where BER, < BER,. The effects of Forward
Error Correction (FEC) can be taken into consideration when defining the bit error rates. Practical values of
state transition probabilities and state-dependent bit error rates due to different mobility speeds have been
found in [21] and will be used in this paper.

Let { Y(i): i=1,2,...} be the bit error/error-free process with event space {1,0} denoting the events of bit
error-free and bit error respectively. Then the outcome of bit i conditioned on the channel state is given by

Pgo
1-Pgb (0, 1-Pbg
Pog

Fig. 2. Markov model of channel state process.
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P(Y(i) = 0|X (i) = good) = BER,,

P(Y(i) = 0|X (i) = bad) = BER,, )
P(Y(i) = 1|X (i) = good) = 1 — BER,,

P(Y(i) = 1]X(i) = bad) = 1 — BER,,.

Let the jth packet start at bit ; and end at bit ;+ 4; — 1. The packet remains uncorrupted when all bits in
the range [, 8, + 1,...,p;+ 4; — 1] are error-free. Therefore, at each j, the packet loss probability of Z(j) can
be defined as

Bj+j—1

Pz()=1)=rP (] Y@)=1]. (2)

=B,

As a result of the above expression, the error-free probability of the jth packet given its initial channel state
X(B;) = x5, can be evaluated as

]‘X/g,,

P(Z0) = X (B) = x,) = Py, = xM7e",
where

[1 0], xp = good,
Y7100 1], xp =bad, (3)
o [Pl = BERY p (1~ BER,)
Prg(1 = BERy)  py,(1 — BERy) |’
e=[(1 -—BER,) (1—-BERy)],
. _ Sl
and P(Z(j) = 1|1X(B;) =x5) = PZ/_‘X/%/
packets, a useful auxiliary result is the probability that the jth packet is error-free and the (j + 1)th packet
starts at a particular channel state, given the initial channel state at the start of the jth packet:

. RS |xp. . T
P(Z(j) = 1X(Bjun) = %5, [X(B) = x) = P! e, =M (€)

where

e/ _ [pgg(l - BERg) phg(l - BERb) L xﬂjH = gOOd7
[pe(1 = BERy)  p,,(1 — BERy)], xp,,, = bad.

is defined for compactness. For analyzing a group of consecutive

4)

Finally, it is not too difficult to derive similar expressions for variations of other packet error probabilities
given the initial channel state

O\Xﬂj 1 \x/;/.

P =1-P
ZjlXxy; Zjlxy;?
o J J ' (5)
B 18 _ p kg, B g,
ZjXp, o X, Xy Xp; ZpXp, 1Xp; "

3. A framework for modeling header compression

We begin this section with a high-level presentation of our modeling framework in terms of five stochastic
processes—a source process, two channel processes, a compression process and a decompression process. We
give the initial broad definition for the source process, and describe the channel processes based on existing
channel models. We then show how the compression and decompression processes can be defined based on
the source process and channel processes. Extending current definitions, we offer new perspectives to the three
performance metrics. We end this section by showing how the framework can be used to model different
source and deployment scenarios.
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Fig. 3. Header compression deployment in a general network scenario.

3.1. Overview of modeling framework

Fig. 3 shows header compression deployment in a general scenario. The source node is the generator of
packet headers, transmitting packets to the remote compressor through Channel A. The compressor com-
presses the packet headers and transmits compressed packets through Channel B to the decompressor. The
passage beyond the decompressor has no effect on the header compression system. As illustrated in Fig. 3, this
can be modeled with five stochastic processes. Trivial and starkly simple, we will show that this representation
allows different source and deployment scenarios to be modeled.

3.2. The source process

Different protocol fields possess different and often independent behavior, making it difficult to have a sin-
gle source model describing all the fields in the entire header. As a start, with the assumption of independence,
the approach is to develop source models for each field individually. To analyze different fields, we simply use
different source models.

For each field, the source of the flow under observation, f,, is a discrete-time stochastic process,
{S;,(n4): ny =0,1,...}, which takes values in the discrete space [0,2" — 1] for a field of m bits long. A
convenient way of simplifying the process {S,(n4)} is to view it as having an initial value sy, (0) and being
generated from a ‘delta process’, {Ay, (ny): ny =0,1,...}, such that

As (n4) = Sy, (n4) — Sy, (na — 1),
05, (n4) = 51, (n4) — 57, (ng — 1).

(6)

Thus, in general, the source of a flow of observation can be modeled by its delta process {A, (n,4)} and an
initial value s/, (0). Conversely, we can express the difference between s/, (n4) and s/, (ns — &) in terms of deltas

ny ny
sp(ma) —sp(ma—h) = Y s, () —s,i=1)= > 8,0). (7)
i=ng—h+1 i=ng—h+1
Note that during header compression operation, the compressor transmits a number of least significant bits
defined by b; due to its choice of code (b;,0,) in its codebook X The above delta process is a means to model
the source process, and so should not be confused as the output of the compressor.

Let us apply the concept of source and delta processes to the IPID field. The IPID is a unique identifier for
packets from a source. A predominant implementation is to use a common counter shared by all flows, incre-
mented for every packet sent from the source. For a single flow, consecutive packets carry values with small
sequential offsets. This is known to account for the small IPID deltas characterization in literature [4]. As an
example, consider a source transmitting 2 flows (flows 1 and 2) concurrently. Fig. 4 illustrates the sequence of
values observed when either flow is chosen to be the flow of observation.

For the rest of this paper, the notion of the chosen flow of observation is assumed to apply for the source
process, and the flow subscript f, will be dropped from S/, (n4) and Ay, (n4).
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IPID value: 1 2 3 4 5 6 7 8 9 10
Flow ID: 1 2 2 1 1 1 2 1 2 1
f=1 si(ma): 1 - 4 5 6 - 8 10
TSy - - - 43 41 41 - 42 - 42
Sz(nA)Z - 2 3 - - - 7 - 9 -

Jo=2 Sx(mpa): - - o+l - - -+ - 42 -

Fig. 4. Observed sequences for different flows of observations.

3.3. The channel processes

Let Channel A be the channel between the source and compressor. To model the packet loss in the passage
through Channel A, we define a packet survival/loss discrete-time stochastic process {A(n,): ny,=1,2,...},
such that

A(ny) :{

Existing channel models like that presented in Section 2.3 can be used to model this process. We also derive
another stochastic process from {A(n,)}, called the Channel A loss run process, {L4(j4): j4=1,2,...}, where
for a particular index j 4, the number of packets lost between two nearest loss-free packets is a random variable
L,(j4). For example, in the following sample sequence of {A(n4)}: 1,1,0,1,1,1,1,0,0,1,0,0,0,1,..., the
sequence of loss run lengths would be: 0,1,0,0,0,2,3, ... The probability of a loss run, P(L4(j4) = l4), can
be expressed as

P(LA(]A):lA):P(A(VlA—l):O, A(nA—Z):O,, A(}’lA—lA):O, A(nA—lA—l):1|A(nA):1),
©)

1
0, nyth packet is corrupted in Channel A.

, nyth packet is not corrupted in Channel A

(®)

where the j4th run is defined in terms of the Channel A process as j, = (>_1*,a(i)) — 1.
Let Channel B be the channel between the compressor and decompressor. In the same way

1
B0w) = { | |
0, npth packet is corrupted in Channel B,
where ny = ("1 a(i)) is the number of packets from the source successfully received by the compressor and
P(LB(]B):ZB):P(B(I’IB—I):O, B(HB—Z):(L, B(le—lB)ZO, B(nB—lB—l):l\B(nB)ZI),
(11)

,  npth packet is not corrupted in Channel B (10)

where the jpth run in Channel B is defined by j; = (3°7*,b(i)) — 1.

Note that the stochastic process {B(ng): ng=1,2,...} maintains a separate counter ng due to the fact that
B(np) is defined only in the event A(n,) = 1. We make the assumption that {4(n,)} and {B(np)} are indepen-
dent, which is reasonable in practice. Then {B(np)} is another channel process independently defined from the
packet loss/survival model in Section 2.3.

As ny — oo, it is well-known that the Gilbert-Elliot channel state model converges to a steady-state
distribution:

P
P% = P(X(ng) = =5,
X ( ( A) g)lnAﬂoo Pgb+Pbg (12)
Py =P(X(ny) =b)|,, ... =1—P5.

This allows the steady-state probability of the packet loss process and loss run process to be formulated.
Focusing on Channel 4 with results equally applicable to Channel B, we know from Eq. (9) as ny — oo,
jA — o0 that

P(dy=1,4,=0,.... 4, =04 =1
PL, = 1,) = P ! P(A():ll; w1 =1

(13)
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where 4 = A(ny — )], ... We assume that all packets passing through Channel A are of the same length, so
that we need not be concerned with differences in packet lengths at steady state. The denominator in Eq. (13) is
the probability of packet survival in Channel A. Using results in Section 2.3, the steady-state probability of the
packet loss process can be evaluated as

P(4o = 1) = Py P§ + Py Pl (14)

The numerator in Eq. (13) can be derived by considering, for each packet, the probability for all combinations
between (i) the initial channel state of the current packet, (ii) the current packet loss/survival, and (iii) the
channel state after the current packet. These combinations were introduced in Egs. (3-5), and the result
can be expressed in matrix form as

Iy

Pl’g‘g Pl‘b‘g Posg‘g PO,b|g Pllg
_ _ _ oy b axix_ Laxix axwy_ Laxix AlX
P(Ao = 1,A,1 = O,. .. ,A,lA = O,A,]A,l = 1) = [Pi PX] Pl‘g‘b Pl_rb\b PO,g\b P0~b|b Pllb
AX|X AXX AX|X AX|X Alx

(15)

We will verify our steady-state analysis by comparison with simulation results in the results section.
3.4. The compressor processes

Similar to {B(ng)}, the compressor process {C(ng): np=1,2,...} is defined only in the events
{A(ny) =1Vny=1,2,...}. We have found it convenient to represent the compressor process with the follow-
ing event space:

1

0, s(ny) cannot be compressed.

b d
, s(ny) can be compressed, (16)

Clns) = {

Recall from Section 2.2 that the set of parameters defining a ROHC scheme for a single field under study is

{'I’i w,r} where WX = {{(b;,0,)}X',m}. The objective is to define the compressor process C(ng) given
{Y*,w,r}.

The compressibility of a field depends on a number of issues: (i) the size of the context window, w, (ii) the
parameters in the codebook ¥, (iii) presence of packet losses in Channel A, and (iv) the use of intermediate
encoding.

To focus on the effect of context window size, we first make the assumption of a perfect Channel A and deal
with the case of the simplest codebook (K = 2) without any complicating intermediate encoding. The effect of
the context window size on the compressibility of a field can be seen from the requirements of robustness in
Section 2.2. Note in particular that the compressor encodes the field only if this condition is satisfied: The dif-
ference of the original value with respect to each reference value in the window of contexts is within the inter-
pretation interval [— 0;,2 — 1 — o7]. Given that the compressor is using a single fixed WLSB code (b,0y) and
denoting the interpretation interval [— of,2 — 1 — o7 as V(osb), the event of compression success occurs when
the difference between s(n4) and each hth previous context lies within the interpretation interval

(s(ng) —s(ng —h)) € V(os,b), Yh=1,2,....w
( Z 5(1‘)) € V(os,b), Yh=1,2,...,w. (17)

i=ng—h+1

In practice, header fields increase monotonically in the duration of a flow except when the occasional wrap-
around occurs. This means that the largest difference between s(n,) and any s(n, — h), h=1,2,...,w is given
by s(n4) — s(ny — w). Thus, the compression success probability can be evaluated as

P(C(ng) = llos,b,w) = ( 21: A(i) € V(oy, )) (18)

i=ng—w+l
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Note that the compression success probability is not conditioned on r though it is part of the set of param-
eters {¥X,w,r} in the scheme because it has no effect on the compressibility of a field. However, r determines
the scheduling of uncompressed packets. This is to be conditioned in the decompression process.

The significance of Eq. (18) is that the probability of compression success depends on up to the (w — 1)th
order probabilities of the source delta process. As we will later demonstrate, Eq. (18) can be used for studying
and verifying the high-order probabilities of a source model. Also, Eq. (18) requires a source model to remain
reasonably accurate at high orders.

We now discuss the effect of the issue (ii): the parameters in the codebook ¥X. This can be done by extend-
ing the above case of a single code to the codebook of K codes: ¥X = {{(b;,0,)},", m} where K = 2. Due to
the presence of K-1 WLSB codes in the codebook, a given field value is considered compressible if at least one
of the K — 1 codes encodes the field successfully, i.e. the event of compression success using the codebook ¥*
is the union of compression success events for each WLSB code in the codebook ¥* = {{(b;, of)}f.i]l, m} with
the following result:

Proposition 1. Given the WLSB codebook WX = {{(b,-,qf)}f:ll,m} in the set of parameters {¥*,w,r} in the
scheme, where b;> b; if j> i, the compression success probability of the codebook is the same as that of the
(K — 1)th WLSB code (bx_1,0), i.e. P(C(ng) = 1¥P5,w)= P(C(ng) = Hopbg_1,w).

Proof. The event C(ng) = 1 occurs when any of the K — 1 WLSB codes in the codebook encodes s(7,4) success-
fully, i.e.

K-1
P(C(ng) = 1|¥*,w) =P< C(ng) = 1|0f,b,-,w>.
i=1
From Eq. (18), we know that the compression success probability of a WLSB code (b, 0,) depends on the size
of its interpretation interval and we can modify the above expression as

P(C(nB):1|'I’K,w):P< S AG) GUV(of,b,-))

i=n,—w+1

Due to the property that b, < b;if i <j, and recalling that V(o b) £ [—oy, p 1 oy], then it is straightforward
to see that V(osb;) C V(ogb)) if i<j. It follows by induction that that V (o, b;) C V(os,bx_1)Vi € Z* and
i < K — 1. Therefore, the probability of compression success of the codebook is the same as that of the last
WLSB code (bg_1, 05). O

Note that Proposition 1 makes no assumptions on Channel A and its result is equally
applicable to non-ideal Channel A conditions. We now consider the effect of packet losses in
Channel A by illustration. Suppose for w=3, we have the following sequence of values:
o 8ng —T7),8fna="63 stna—=5),s(na — 4),stnx—3), s(na — 2), stma =23, s(ny),..., where the current
value, s(n), is to be compressed and values marked with double strike through were corrupted in Channel
A. We find that Eq. (18) is no longer correct since the wth previous value is s(ny — 7) instead of s(ny — 3).
The number of packets lost between two correctly received packets in the above example is given by values
from the loss run process, i.e. Ly(j4 —2) =2, Ly(j4 —1)=1and L,(j,) =1.

If we define /7 as the total number of packets lost since the wth previous context, then the following result is
evident from the above example:

P(C(np) = 1|PX,w) = nEEnAP(_ HZA Ai) € V(of,bK_l)> X P(( ]i LA(il)> = 1AT>- (19)

ly7=0 Lyr—w+1 i'=j,—w+l1

Note that the difference (np — n4) is used in Eq. (19) because for some particular n, and ng, (ng — n,) is the
total number of packets lost in Channel A.

Eq. (19) can be used readily if the compressor attempts to use the codebook ¥* on the field directly. In
ROHC specifications, it is common to find some fields being processed with intermediate encoding before
using the WLSB codebook to encode the field into its final compressed form [5]. The motivation for using
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intermediate encoding is to obtain better gains. Though intuitive, this is yet unproven in open literature. Here,
we show how intermediate encoding on the IP Identification (IPID) field can be studied through some simple
modification in our compressor process.

The Master Sequence Number (MSN) is an ROHC field which increments for every ROHC packet trans-
mitted to the decompressor within a flow (see Section 2.1). We will see that this characteristic is similar to the
IPID field. As intermediate encoding it is specified that the MSN field be subtracted from the IPID field (this is
in fact performed using an encoding method called INFERRED-OFFSET’) [5]. Due to this intermediate step,
the modified input to the WLSB codebook at the compressor becomes s'(n,) = s(n4) — msn(n4). The result of
this is that

s'(nyg) — ' (ng — (Lir +w)) = [s(ny) — s(ny — (Lyr +w))] —w or i 8 (i) = ( i 5(i)> —w.

i=ny—lp—w+l i=ny—Il7—w+1
(20)

Note that we have used the result msn(ny) — msn(ng — (I47+ w)) =w to obtain the above expression.
Recall from Section 2.1 that the MSN is an ROHC field added at the compressor, and that [, 1s the total number
of packets lost in Channel A since the wth previous context. Then due to the fact that the MSN field increments
for each packet of the same flow received (and transmitted) by the compressor, we yield the above expression.

3.5. The decompressor process

The decompressor process {D(npg): ng=1,2,...} is defined only in the events {A(ny) =1 Vn,=1,2,...}.
We define it as a discrete-time stochastic process with the following event space:

D(ng) = {

Note that decompression failure arises when a packet fails its CRC integrity check. The reason for this can be
attributed to channel errors (corruptions), and/or when the decompression context is invalid. In either case,
the packet decodes erroneously. Thus, failure occurs once a packet is corrupted in Channel B, i.e.
D(ng) =0 if B(ng) =0, but not the converse.

Two key factors determine whether s(n,) can be decompressed: (i) whether it has been compressed, and if
so, (i) the number of packets between the current packet and the last successfully decompressed packet.

We first consider the effect of whether s(n,) has been compressed. In the event that s(n,) was uncom-
pressed, then decompression fails only if the packet was corrupted in Channel B. s(n4) can be uncom-
pressed if C(ng) =0, or if the compressor schedules the ngth packet to be uncompressed as part of the
context refresh procedure. The scheduling of periodic context refresh packets is deterministic. The second fac-
tor arises from the fact that a WLSB encoded field can be decoded only if the number of consecutive decom-
pression failures (since the last decompression success) is less than w. We summarize all the above
considerations as

1, s(ny) is decompressed successfully, 1)
0, s(n4) is not decompressed successfully.

P(B(ng) = 1), npe{l,r+1,2r+1,...},

. P(B(ng) = 1) | P(C(np) = 0) + P(C(np) = 1)
P(D(ng) = 1|P*,w,r) =

w—1
X > P(Lg(jg) = I, D(np — Iz — 1) = 1)|, otherwise.

I5=0

(22)
We note that the expression P(Lg(jg) =Ip,D(ng—Ig—1)=1)= P(Lp(jg) =Ip) X P(D(ng—1Ip—1)=
1|B(ng — Iz — 1) = 1) holds because the probability of decompression success at the (np — /p — 1)th packet
is independent of all future packet errors over Channel B. Therefore, expressing Eq. (22) in conditional prob-
ability with further simplification, we have a recursive definition
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1
PD\ vK w.r.B

(ng) = P(D(ng) = 1|¥*, w,r,B(ng) = 1)
1, nge{l,r+1,2r+1,...}
1= P(C(n5) = 1)

13=0

w—1
X <1 — > P(Lg(jz) = Ip) x PZWK,W,B(”B —lg— 1)), otherwise.

3.6. Performance metrics in new perspectives

We show that the modeling framework offers new perspectives on the three performance metrics defined in
ROHC [2].

3.6.1. Compression efficiency

The compression efficiency, or CE, is determined by how much the header sizes are reduced by the
compression scheme. We show how it can be defined from our modeling framework.

For the scheme defined by the set of parameters { X, w,r}, the mean compression success probability of the
Jjth WLSB code (b;,0/) is the time average of its compression success probability

ng
— lim L S P(CG) = 1oy, b;,w), j=1,2,...,K—1,
Co =4 o ; (C() = oy, bjyw), Jj ”
1, j=K.
where from Proposition 1, Cx_, = C is also the mean probability of compression success for the codebook ¥,

and Cx = 1 due to the fact there are no conditions for leaving a field uncompressed.

Note that we have defined the mean compression success probability in the form as shown in Eq. (24) for
flexibility. In simulation, Eq. (24) can be evaluated by using a large number of samples (n4, — co) and each ith
term becomes an event with binary outcome (1 or 0). If both source and channel processes are ergodic in the
limit n4 — oo, then Eq. (24) can also be evaluated from steady-state analytical expressions. It has already been
shown that the channel process converges to steady-state probability, and is thus ergodic in the limit n4, — oo.
We will present in Section 4 an IPID source model which also converges to ergodicity.

Due to the property that V(o b;) C Vopb;) if i <j, The compression success event of each jth code is a
superset of preceding codes. We thus obtain the probability of using the jth code as

C =1
v=3 2 I (25)

In the absence of context refreshes, the mean compressed size can be expressed as

K-1
B,:ZUib,«—f—UKm—&—n, (26)

i=1

where 7 is the overhead incurred in discriminator bits. These are sometimes Huffman coded as part of packet
format discriminators in ROHC-TCP, and 5 can be approximated by the entropy of discriminator bits, i.e.
n =2 —ZﬁlUilogzU[. In other cases, these bits are simply sent as is, and so n = [log, K]. We assume that
Huffman coding is used in all cases.

Factoring in the overhead incurred in the presence of context refreshes of period r, the mean compressed
outcome becomes

b +-m (27)
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and we can then define the compression efficiency of a scheme as

K-1
m—+ (r— 1)<2Uibi+UKm+11>

i=1

-1

CE(YX,w,r) =m/b =mr , (28)

which takes on values in the range CE > 1. We can see both from intuition and Eq. (28) that CE( Pk, w,r)is a
monotonically increasing function of r.
In the limit » — oo, the asymptotic upper limit of CE is expressed as
K-1 -1
Ul'b,' + UKm + n
=1

CE..(¥*,w) = lim CE(¥*,w,r) =m

r—00

(29)

The above result plays an important role in the optimization of the codebook ¥X = {{(b;,0,)}<,",m} in a
scheme, as will be elaborated upon in Section 3.7. Finally, the definition of CE is non-unique. For example,
another definition would be the ratio of the entropy to the mean compressed size.

3.6.2. Robustness

A robust scheme tolerates loss and residual errors on the link over which header compression takes place
without losing additional packets or introducing additional errors in decompressed headers [2].

Because WLSB is the only mechanism in ROHC preventing damage propagation, instead of helping recov-
ery from it, the robustness of a scheme can be seen from its w: a larger w indicates a more robust scheme.

3.6.3. Compression transparency

The compression transparency, CT, is the extent to which a scheme prevents extra packet loss due to header
compression, i.e. packet discards caused by invalid contexts. This can be obtained from the time average of
conditional decompression success probability

np
CT(¥X,w,r) = lim s > P(DG) = 11P5, w,r, B(i) = 1). (30)
mee Mg oy
One disadvantage of the above expression and Eq. (23) is that it is dependent on the probability of compres-
sion success, which is in turn dependent on the source model. We can study a less complex relationship by
finding the minimum compression transparency CT,,,. Let the compression success probability be 1, i.e.
P(C(ng) = 1) = 1. The conditional decompression success probability is no longer dependent on the codebook,
and Eq. (23) reduces to

Py, 5(ns) = P(D(ng) = 1w, r,B(ng) = 1)
1, npe{l,r+1,2r+1,...},
w—1
LS Pl = 1) 31)

x Pb\w,r,g(”B —Ip—1), otherwise.
A result of this is that

PID\WJ,B(”B) < PlD\Y’K,w,r,B(nB)

(32)
2. CTin(w, ) < CT(¥Y*, w, 7).

Note that CT,;, becomes a close approximation of CT if the codebook is designed such that high compression
success probability is achieved, i.e. P(C(ng) = 1)~ 1 Vng=1,2,.... In this case, the compression transparency
can be approximated independently of the source, Channel A and compressor processes. In most applications,
a high CT is important because the cost of each extra packet loss is high. A high CE and low CT is in fact
detrimental to overall performance because it does not make sense to compress packets into tiny sizes but lose
most of them due to invalid contexts. We use CT;, to guarantee the desired level of performance in our scheme
optimization procedure.
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3.7. The optimization of a scheme

3.7.1. The goal of optimization

Given the source process {S(n,4)} and channel processes { A(n4)}, { B(ng)}, the goal of optimization is to find
the set of parameters { ¥y, Wopt, opt } Used by the compressor and decompressor processes { C(np)}, { D(ng)}
achieving at least the desired level of compression transparency, CTg4, such that the compression efficiency is
maximized.

We have used the notation ‘POI‘)’{" to denote the optimum codebook at the optimum size of Ky, codes. For
any codebook of K codes in general, where ¥X = {{(b,,of) ',m} and K — 1 <m, there can be a total of

0x = % different codebooks each with a unique combination of parameters. This is due to the fact
that to have any compression gains, i.e. CE is in the range CE > 1, all ;s must be in the range 0 < b; <m — 1.

Furthermore, all 5;s are unique in the codebook. For any particular fixed K, we denote the entire set code-
books of K codes by {¥§ :j=1,2,...,0k}.

3.7.2. The optimization procedure

We first derive a result which will be used as part of our optimization procedure:
Proposition 2. For any fixed w and r, the optimum codebook 'I’K“"‘(w) maximizing the asymptotic compression
efficiency, CE..(YX,w) also maximizes the compression eﬁ‘iczemy, CE(PX,w, ).

opt

Proof. The optimum codebook at a fixed w, lI/Opt (w), maximizes the asymptotic compression efficiency, i.e.
CE.( f;{"(w),w) = maxXge(im+1]e)1,0¢){ CEx ( ,w)}. We know from Egs. (27)-29) that m =
(= 1)@74— This mapping from CE_ ( ,w) to CE"'(¥X,w,r) is affine when r is fixed and thus
CE(Wog? (W), w,r) = [(5) s {CE (¥, )} 2] = maxeequmeneo {CE(YS w,r)}. O

[Lm+1],je[1,0x]

We now explain the idea behind our optimization procedure. For each fixed w, we can find the optimum
codebook 'Ilogf‘( w) which maximizes CEOO( X w). From Proposition 2, we know that the resultant codebook
at each w is also optimum for CE(¥X w,r). Next, if we know the set of (w,r) pairs { such that the condition
CTin(w,r) = CTges is satisfied, then regardless of the codebook used, the compression transparency criterion
in the goal of optimization will be satisfied in ¢, i.e. CT(¥X,w,7) = CTyin(w,r) = CTaes V(w,r) € (. Finally, by
finding the optimum pair (Wopt» Fopt) in { which maximizes CE('I’f];’f‘ (w), w, r), we will have achieved the goal of
optimization since ‘I’opt (Wopt)» Wopt and rqpe are found. We therefore present a three-step approach to achiev-
ing scheme optimization:

Step 1. For each given w, find the optimum codebook, 'I’ng‘( w) = {{(b,,o/)}K”‘ ,m} such that CE_, x
(l}'f;f[ (w),w) = maXge(i,m+1],je| lﬂki{CE (Y/] W)}

Step 2. Add all parameter pairs (w,r) that satisfies the condition CTj,(w,7) = CTge to the set {, ie. (w,r)€l
if CTpin(w,7) = CTges.

Step 3. Find the optimum parameter pair (Wop,7opt) such that CE('I/Olm (Wopt)s Wopts Fopt) = MaX (. )ct
{CE(¥57 (w),w, r)}.

Note that we have presented a conceptual optimization procedure rather than an algorithm. An efficient
algorithm can be developed to achieve the same conceptual outcome of our procedure. The design of an effi-
cient algorithm is however outside the scope of this paper. Note also that we have substantially reduced the
parameter space by using a constant offset in our codebook ¥X = {{(b;,0,)}%, 1 ,m}. Thus, the optimum code-
book obtained in Step 1 is optimum only for a particular fixed offset.

3.8. Modeling different source and deployment scenarios

Different deployment scenarios can be modeled by varying the channel processes {A(n,)},{B(ng)}. Note
that (i) our modeling framework models the data flow in a single direction, (ii) Channel A is the channel
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Fig. 5. Header compression deployment over the last hop.

between the source and compressor and (iii) Channel B is the channel between the compressor and
decompressor.

Fig. 5 illustrates the common ‘last hop’ deployment of header compression. We define ‘incoming’ as the
direction of packet flow towards the clients and ‘outgoing’ to be in the opposite direction. Our modeling
framework is easily adapted to this deployment scenario. Regardless of the direction of flow, Channel B is
wireless. In the ‘outgoing’ direction, Channel A is a perfect channel (because the source and compressor
are co-located); in the ‘incoming’ direction, we have a wired/wireless/hybrid Channel A.

In another scenario where both the corresponding nodes are mobile, or when header compression is
deployed over an intermediate wireless hop, then both Channels A and B are simply wireless channels.

Since wireless channels are affected by the effects of fading due to mobility, the effect of mobility speed can
be studied by tuning the channel models for different speeds. Different mobility speeds arise due to different
deployment scenarios (e.g. header compression nodes are on a moving vehicle versus a walking pedestrian).

Finally, different source scenarios can be modeled by tuning the model for the source process, {S(n,4)} or
{A(n,4)}. We present such a model for IPID in the next section.

4. The IPID source model

The IPID field has been chosen to illustrate the concept of a source model, because it is one of the few
header fields with complicated behavior in header compression schemes, and the only commonly used field
with complicated behavior in the IP protocol. We first present the structure of our source model in detail.
We then show that it can be built to model real-world traffic traces and verify its accuracy.

4.1. Structure of source model

Our approach is to develop a model for the discrete stochastic process {A(n,4)} generating IPID deltas
{o(n.4)}.

Consider a source generating N flows concurrently. Let each flow f be represented by a Markov chain
{(f;1),(;2),...,(f,)),...} where j is the number of consecutive packets in flow f sent by the source with-
out switching to another flow. In a state (f,j), the source is in the process of transmitting the jth consecutive
packet from flow f. To transmit the next packet, it either makes a transition to the next state of the same flow
(f,j t 1) or to the first state of another flow (f',1), such that /" € [1, N], f # f At each transition, the shared
IPID is incremented. For the case of three flows, i.e. N =3, we can visualize the IPID model as shown in
Fig. 6.
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Flow of
Observation

Flow 1

Flow 2

Flow 3

Fig. 6. IPID Markov model for three concurrent connections (N = 3) and flow 1 is the flow of observation (f, = 1).

Let (f,/) and (f',;") be any two states in the model and qg/j’.’;) denote the transition probability from state (f, /)

to (f,j). We can make the following general characterizations for any outward transitions from (f,):

qgj)ﬂ) if /" =f, where qgﬁl) €[0,1),
(r'J) _ 4 . ’
diry) = q%fj? if /7 # f, where qgj;) € [0,1], (33)

0, otherwise.

The notion of N concurrent flows advocates that the transition to the next state of the same flow cannot be
made with certainty. Therefore, qE’fﬁgl) is in the range [0, 1) as indicated in Eq. (33). We also adopt the follow-

ing notations for compactness:
1, J=0,
N=1{ J . ) 34
o)) 11 qb’::ﬁ)ﬂ)? otherwise. (34)
i=1
It can be seen from the structure of the model that it is indecomposable (there is only one essential state set)
and aperiodic. Thus, given sufficient time, it converges to a stationary distribution.
Define p(f,/) as the stationary probability of being in state (f,/). The stationary probability of any state (f,)
which is not the head of its flow can be expressed as

Thus, we only need to know each p(f,1)Vf=1,2,..., N. p(f,1) can be obtained from the balance equation:

M=

> plk, gy, Vf € [1LN]. (36)

Jj=1

p(f?l) =

80
< =

Also, we know that all state probabilities must sum up to 1, which can be simply expressed as

S pkj) = 1. (37)

k=1 j=1

Using Egs. (35)—(37), we can easily solve the stationary state probabilities.

We are interested in deriving P(A(n4) = d(n,4)) in terms of Markov state probabilities. Upon convergence,
as ny — 0o, the stationary state probabilities are fixed and the problem reduces to determining the expression
for P(A = §) in terms of the stationary state probabilities.

Defining ¥ the current state within the flow of observation, we can express P(A =) in terms of its
conditional probabilities
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o0

5 P =01 = Dot ) =2 |3 001~ P& = 815 = (1)

o i

P(A =

(38)

where p(f,) = > —1P(fo, ) is the probability that a packet belongs to the flow of observation f,,. The complex-
ity of the problem lies in the expression P(A = 6|.% = (f,,1)).

Note that 6 is actually the number of transitions made between two observable states. To the observer, an
observation, ¢ is made only when there is a transition into any state in f,. Furthermore, the first (6 — 1) tran-
sitions since the last observation must occur outside f,. The remaining transition must be back to f, (so as to
make the observation 9).

The case of 6 =1 is a special case because there is no transition out of f,, i.e. the next transition must be to
the next state of the same flow. If (f,, i) is the current state, the next state must be (f,,i + 1). Therefore, we can
see that

P(A=6|F = (fo, 1) = qlpst", if o =1 (39)
For 6 > 2, we only know that the first transition is out of f,,, and the last transition is back to (f,, 1). At high N
and ¢ the number of possible paths increases tremendously and it is difficult to obtain a general expression for
P(A =9|% = (f,,i)) in closed form. Instead, we can evaluate P(A = ¥ = (f,,i)) in the range ¢ > 2 with the
help of a recursive function.

We define the recursive function F((f,i), T,f,), described as “the probability of making 7' — 1 transitions
outside f, before making the final transition back to (f,, 1), given the current state is (f,7)”’. This function
can thus be defined as

airy, if T=1,
F(( ai)7T7fo): N (f l (Fi+1) . (4())
> qy ) F( 0, T =1 f) +a "F((fi+1),T = 1,£,) |, otherwise.
=
S'#foof
P(A = 6] = (fo,1)) can be obtained in terms of F as follows:
P(A = 6| = (fo,i) qu (f —1,1,), 6=2. (41)
f#fo
Summarizing the above results, we can express P(A = 0) as
p(fo, 1) & :
— O(fo,1) | o=1,
p(fo) ; o)
P(A=0)= [ ’ (42)
p(fO;1) iQ(foai_l Z 1f0) , 522
P(fo) i=1 f=1
i T#ls

Eq. (42) can be plugged into the modeling framework at Eq. (19) for the analysis of the performance of
a scheme designed to compress the IPID. Since it also models the way packets are generated from a source
handling multiple concurrent flows, it can also be used in other applications.

Note that different source scenarios can arise causing IPID source behavior to be different. A busy source
generating a large number of flows can be intuitively modeled using a high N model. Conversely, a naive
source generating only a single, non-concurrent flow is easily modeled with N = 1. In Section 4.3, we build
a two-flow model for an average source and a 10-flow model for the busy source.
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Table 1
Variations in controlled environments
Parameter Parameter space
No. of concurrent flows 2-4
Type of channel wired (802.3) or wireless (802.11b)
User application web browser, remote terminal, LAN gaming, file downloads, file sharing
Protocol headers {HTTP?, SSH®, proprietary, FTP, NetBIOS®} over TCP/IP
Nature of payload Data or acknowledgments
% HyperText Transfer Protocol.
® Secure SHell.
¢ File Transfer Protocol.
d

Network Basic Input Output System.

4.2. Verification of model

Our model verification approach is to generate from a source terminal a large number of packets from a
known number of concurrent flows in controlled environments and capture them right at the source.
This ensures that a large number of outgoing packet samples is available for obtaining the Markov transition
parameters of the model. Using packet traces, we also verify our assumption in Section 3.4 that the occur-
rence of wraparound is rare. Having built the model from the packet traces, the distribution P(A =) is
then obtained analytically from the model for comparison with the histogram of IPID deltas found in the
traces.

Using source terminals running Microsoft Windows, different controlled environments were explored, and
our parameter space includes the number of concurrent flows, type of channels, type of applications, type of
protocol headers, and the nature of payloads. These variations are tabulated in Table 1.

After converting the IPID values in the traces into network byte order, we find that the distributions
obtained from our IPID model nicely track the IPID distributions obtained from traces in all of the above
experiments. We show the distribution comparisons for the case of FTP file download over wireless Ethernet
in Fig. 7 and the case of HTTP file download acknowledgments over wired Ethernet in Fig. 8.

We note from Fig. 7 that the distribution obtained from our model is almost identical to that in the trace.
The same level of resemblance is not found in Fig. 8. Examining packets in that trace, we find that for HTTP
especially, two consecutive packets generated from the source may not carry an increment of +1. Furthermore,
packets exhibiting such behavior characteristically show unusually long timestamp lags. This suggests that
such packets were interrupted before they could be generated completely. In spite of this, the assumption
of +1 increment per packet is usually true and Fig. 8 shows that the distribution obtained with this assumption
closely tracks that from traces.

4.3. Constructing a real-world source model

In the previous section we have only verified the concept of a source model in controlled environments. We
desire to build a model for the average source in the real world. Based on the IPID delta probability distri-
butions from packets in real traffic, our objective is to find a model which approximates the source at the zer-
oth as well as higher orders. To do this, we have obtained a trace, TCP0809030out which captures 266831
outgoing TCP packet headers from the Institute of Infocomm Research LAN over a half-hour interval.

Essentially, we are trying to obtain the Markov transition parameters from the probability distribution, i.e.
performing the reverse of what we did in the previous section. We can see from Eq. (42) that this is a non-
trivial task due to the infinite number of states and the unknown (and furthermore non-constant) number
of concurrent flows, N. Naturally, this requires some assumptions and approximations to be made. We first
reduce the search space by truncating the chain of states in each flow. We further assume that the average
source can be modeled with 2 concurrent flows, i.e. N =2. We then show how a real-world source model
can be built.
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Fig. 7. P(A = 9) for four concurrent flows, generated by FTP file downloads over wireless Ethernet. Flows of observation f, = 1 (a) and
fo =2 (b) are data flows. Distributions from control flows are not obtained due to small numbers of control packets.

4.3.1. Truncation

To reduce the complexity of the model, our aim is to truncate the number of states in each flow to a small
finite number with little sacrifice in accuracy. To avoid deriving all our earlier source model equations again,
we achieve this in two steps: We first approximate the original infinite-states model with a simpler infinite-
states model. The approximated infinite-states model is then mapped to an equivalent finite-states model.
Using a single flow as an example, this is illustrated in Fig. 9.
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Fig. 8. P(A =0) for two concurrent flows, generated by HTTP file download ACKs over wired Ethernet. Flows of observation are
Jo=1(a) and f, =2 (b).

For each chain of states representing a flow f, we first approximate the remaining transition probabilities
beyond a certain threshold state, /1, as an averaged constant, g. Then the approximation of Q(f,j) defined in
Eq. (34) is

Q(f,]) _ {Q(fv])v J< hfv

. 43
qjihH»lQ(f,hf - 1)7 Jj = hf, ( )
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Fig. 9. Illustration of model truncation.

and the approximation error can be defined as

e(f,)) = 10(f,)) = O(f . )l (44)
It can be easily shown that lim;_,..&(f, /) = 0 Vi due to the fact that Q(f,/) is in the range [0,1) V/=1,2,...,N
(see Eq. (33)). This means that the approximation error decreases to zero if the approximated state is far from
the head of its flow, regardless of the threshold value h. However, in general /i, remains a tradeoff between
model complexity and approximation error.

As illustrated in Fig. 9, the approximated model of infinite states in Eq. (43) can be mapped to an equiv-
alent model with /i states in each flow f; such that the tail state of the flow transits to itself with probability
qE;Z; ; = ¢. To continue using our earlier results, the following corollary is useful for mapping between the
approximated model of infinite states and its equivalent model of finite states:

Corollary 1. If the approximated model of infinite states has an equivalent model of finite states, the following
mapping holds:

<O =Dy
>0 = |
J=hy )

Proof. This result follows from Eq. (43) and can be proved easily. [

4.3.2. Two-flow assumption

For the case of two concurrent flows, i.e. N =2, Eq. (42) can be reduced into a simpler closed form. This is
due to the fact that there are only two paths out of each state (see Eq. (33)). Furthermore, given any 6 > 2
there is only a single deterministic path to follow. As such, there is no need to express P(A = 0|.% = (fo,i))
in terms of the recursive function F. Let the two flows be f, and f; where f, is the flow of observation. We
obtain a simpler form of Eq. (42):

_ _ A U10)
P(A:é) _p(foal)Q(,fh(;(fz))(l q(f],d—l)), 5 2 2 (45)

The derivation of Eq. (45) is shown in Appendix A.

4.3.3. Resultant real-world source model
We now apply our two-flow assumption and truncation technique and show how the model parameters can
be obtained from the probability distribution in the trace. Let the unknown number of states in each flow be /4,
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and /i respectively. Applying the truncation approximation to the two-flow result in Eq. (45), we can isolate
flow fi transition probabilities by obtaining the ratios of consecutive delta probabilities:

(fl@“)
R qmo n(1 _qm )
TBA e
P(A_é) (f1,h1) 5> h +1
9(fi.m) Z m L

Estimating delta probability ratios from the trace, all flow f; transition probabilities can be obtained by
solving the set of equations in Eq. (46) recursively.

Fig. 10 shows the delta probability ratios obtained from the trace, as well as the number of packets avail-
able at each delta value. We observe that the probability ratio gets increasingly jittery as delta increases. The
reason for that is attributed to the decreasing number of packet samples available as delta increases, as shown
in the bottom portion of Fig. 10. Fig. 10 also reveals that the probability ratio increases quickly at small deltas
and remains relatively constant thereafter. This agrees well with Eq. (46) where the probability ratio remains
constant at q(Q ) for & > hi1 + 1. We choose /; =19 and obtain qgl ’Z‘> from the ratio mean for 6 > h; + 1.
Solving Eq. (46) recurswely, we then obtain the entire set of transition probabilities in flow fi. The values
obtained are shown in Table 2.
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Fig. 10. Estimates of delta probability ratios obtained from trace (top) and corresponding number of packet samples (bottom).

Table 2
Markov model parameters for state (f,/)
j=1 j=2 j=3 j=4 Jj=5 j=6 j=1 j=38 j=9 j=10
f=r 0.263 0.3082 0.5783 0.6554 0.7124 0.7665 0.8209 0.8397 0.8297 0.96
f=hn 0.7912 0.8005 0.8606 0.8813 0.8891 0.8893 0.8958 0.9086 0.9208 0.9281
j=1 j=12 j=13 j=14 j=15 j=16 j=17 j=18 j=19 j=20

=t - - - - - - - - - -
f=h 0.9338 0.9361 0.9403 0.9446 0.9486 0.9518 0.9532 0.956 0.96 -
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We also exploit another statistical characteristic of the trace to obtain flow £, transition parameters. Recall
from the comments on Eq. (18) that a good source model should also approximate the high-order behavior of
real sources, as this affects the compressibility. Therefore, our approach is to obtain flow f, transition para-
meters from the high-order probability distributions in the trace.

At steady state, the nth order probability distribution can be defined and expressed in the following form:

7= P(Amy) = 1Ay —n) = 1,...,A(ns — 1) = 1) :+, where n > 1 and
1 qui,hil + o
0,n+2) oho 0.0+1)
qgo ”il [(1 - qgo o )<1 + Z H qgo I;L )
Jj=n+2 i=n+2
(47)
o, = gffg’;g H q%g;'“], he >4 and 0 < n < ho — 3,
(fon+2) _
(fo,n+1) n= ho - 27
aii, n>ho 1.

The derivation of Eq. (47) is shown in Appendix B. By estimating each y, from the trace and solving Eq. (47)

recursively, we can obtain all q fo: ” Y in the range 2 < i < h, — 1. The remaining transition probability at i = 1,
qg" 1) can be found using the following relationship:
1 — q(fl
U\‘7h0> Ul
o 1-— —=—1]. 48
o= q%,,g((A_z) (48)
The result q&“ h) = Tl = ho — 1 in Eq. (47) requires high-order statistics beyond the nth order in the trace to

be constant. From Fig. 11, we verify that this is indeed the case as n — 20 and n > 21. In the region n < 20, the
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Fig. 11. The estimate of the nth order probability distribution y, obtained from packet trace.
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probability that the next packet generated comes from the same flow (given that the last n packets also came
from the same flow) increases asymptotically to 1. The lack of an uninterrupted series of 22 or more packets of
the same flow causes the abrupt drop to a constant zero for m > 21.

Based on the above characteristic, we can elther model flow f, with around 10 states with ¢;;,’) ~ 1, or
obtain an exact 22-state model for flow f, where q Uo. hz; = 0. However, we adopt the 10-states model because
we find that the abrupt drop to zero in the 22- state model coupled with the two-flow (N = 2) assumption
produces a worse fit to the trace distribution compared to the 10-state model.

Table 2 shows the resultant parameters of the entire model with the transition probabilities in f, and f; com-
bined. The zeroth order probability distribution obtained from this model is almost identical to the trace
distribution as shown in Fig. 12.

Fig. 12 shows that the trace distribution is essentially heavy-tailed and has been truncated to show the fit at
small deltas. To observe the closeness-of-fit at high deltas, we show the cumulative probabilities on a log scale
in Fig. 13. The same figure also shows the distribution comparison at high orders using Egs. (18) and (24)
(setting o,= —1, since IPID is increasing). Note that this is possible because the nth order cumulative prob-
ability of compression success can be obtained using a window size of (w — 1) at the compressor with perfect
Channel A. Fig. 13 shows that the model distributions track the high-order distributions and heavy-tail char-
acteristic of the trace rather well. However, the trace distribution is slightly more heavy-tailed. This limit is
imposed by our two-flow assumption and truncation approximation. However, given the model simplicity,
we consider this a good tradeoft.

Fig. 14 shows the number of instantaneous concurrent flows generated from a real source. Interestingly, the
case of 2 concurrent flows seems to be rather common. We note also that a source may experience short
periods of extreme business, seen in the form of spikes, where large numbers of flows are generated.

Our two-flow model cannot match the heavy-tail of the trace distribution exactly mainly because the num-
ber of concurrent flows at the source in real life is a non-constant. The heavy-tail portion is therefore contrib-
uted by busy sources generating large numbers of concurrent flows. To verify that this concept is sound, we
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Fig. 12. Comparison of IPID delta distribution between model and trace. The trace distribution is heavy-tailed and is truncated to show
the fit at small deltas.
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Fig. 15. Comparison of delta distribution from 10-flow model with a heavy-tailed flow in trace. Spikes are seen in the trace distribution
due to limited resolution from in limited number of samples for a single flow.

extended our two-flow model to a 10-flow model. This is achieved by duplicating five copies of each chain of
Markov states in the two-flow model and retaining the transition probabilities down each chain. In Fig. 15, we
compare the distribution from the 10-flow model with a particularly heavy-tailed flow in the trace. Note that
small spikes are observed from the trace distribution due to limited resolution from small number of packet
samples in a single flow. Regardless of this, both distributions share the characteristics of a single large spike at
0 = 1 which diminishes to near zero at 6 =2, and an extremely heavy-tail. This suggests that the heavy-tail
portion unaccounted for by the two-flow model is in fact contributed by busy sources with large numbers
of concurrent connections. However, the accuracy of the 10-flow model is only weakly justified.

5. Results

We now use our source model in our modeling framework to study the performance of Robust Header
Compression schemes defined by a set of parameters { X, w,r}. Using both analysis and simulation, we eval-
uate the performance of current ROHC-TCP specifications under different source and deployment scenarios.
We then compare the performance of optimized codebooks with and without intermediate encoding, bench-
marked against the (unoptimized) ROHC performance. Using numerical examples, we illustrate the concept
of tradeoff optimization at the desired level of performance. The optimized schemes obtained are then used in
the performance tradeoff study. To illustrate the usefulness and flexibility of our framework and source model,
our study involves different source scenarios and different deployment scenarios.

Three source scenarios are studied: the non-concurrent source (one-flow model) representing an idealized
source, an average source (two-flow model) or a busy source (10-flow model). We also study different deploy-
ment scenarios by varying the Channel A and Channel B models, examining the scenario of source-compres-
sor co-location (perfect Channel A) or non co-location (wireless Channel A). Channel B deployment scenarios
are varied at high speed or low speed mobility in wireless Channel B. We study encoding variations based on
whether the WLSB codebook is directly applied on uncompressed fields, or with INFERRED-OFFSET as a
prior intermediate step.
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Table 3
Channel model parameters
Low speed (2 km/h) High speed (50 km/h)
Py 1.67x107° 535%x107°
P, 1.66x 1072 4.96x 107
BER, 107 107
BER, 0.1 0.1
Table 4
Current ROHC-TCP specifications
Parameter Specification
IPID WLSB codebook, P {(0,0),(6,0),(8,0),(11,1),(12,1),16}, with intermediate encoding using MSN
Context window size, w Up to implementation
Context refresh period, r Up to implementation

Using results from literature [21], two sets of parameters are used to model different mobility speeds as
shown in Table 3. We set the uncompressed packet size to 300 bytes (in Channel A) and compressed packet
size to 265 bytes (in Channel B). This comes from the fact that the mean size of data packets is near 300 bytes
in the trace, and that header compression typically reduces the 40 bytes TCP/IP header to 5 bytes.'

Table 4 shows an extract from the current ROHC specifications for compressing TCP/IP headers (ROHC-
TCP). Note that the WLSB offset parameter, oy, changes from 0 to 1 for the third and fourth code in the
codebook. This change is made to accommodate the case of single packet re-ordering in either Channel A
or Channel B. Since this change has almost no effect on the interpretation intervals, and our channel processes
do not model packet re-ordering, we use a constant o= 0 in our study. Note also that the context window size
and context refresh period are left as implementation parameters with unspecified values in ROHC. We will
illustrate the process of obtaining tradeoff optimized values for these parameters.

Using our modeling framework and source models, we obtain numerical values for the three performance
metrics. We verify our framework by comparing the results from the average source model with those from
trace-based simulation. To do this, we obtained a separate trace, TCP1809030out, consisting of 285,571 packets
captured over a half-hour interval on a different day from the previous trace.

Fig. 16 depicts the encoding performance of ROHC-TCP specifications under the three source types (non-
concurrent, average and busy) and the two Channel A types (perfect or wireless). This is measured using the
inverse of the asymptotic (r — oco) Compression Efficiency, 1/CE_., which gives the ratio of the asymptotic
mean compressed length over the uncompressed length (see Eq. (29)). Naturally, smaller ratios are indicative
of higher compression efficiency and better performance. We first note that the performance obtained from
trace-based simulation agree well with analytical results from the average source model, which was built from
a different trace. Second, we observe that the compression efficiency is dependent on the nature of the source
scenario and Channel A. A busier source deteriorates the compression efficiency, and packet drops in Channel
A cause further degradation of performance, though to a lesser extent. Note in particular that the idealized
operating environment of non-concurrent source with perfect Channel A gives unrealistically good and con-
stant performance regardless of the context window size, which is far from actual cases found in real world.
Thus, over-optimistic conclusions drawn from performance evaluations making this assumption might inad-
vertently prompt implementations to use large context window sizes for high robustness without clear under-
standing of its tradeoffs. Third, with the exception of the aforementioned case, the compression efficiency
generally decreases with increasing context window size (robustness). This agrees with intuition that there
is tradeoff involved between compression efficiency and robustness.

Examine next Fig. 17, which shows the compression transparencies, CT, over wireless Channel B at two
different extents of mobility, after compression using the ROHC codebook. Each single curve denotes a fixed

! These are based on data payloads. Per packet gains from real-time applications like Voice over IP (VoIP) are typically much higher due
to smaller payloads.
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compression transparency, CT, is almost identical to the minimum compression transparency, CTp,-
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context refresh period, r. We observe that for each fixed r, the CT curve obtained from trace-based simulation
is mostly close to and above the analytical CT,,;, bound. It is clear from Fig. 17 that CT can be increased by
increasing the context window size to improve the robustness of the scheme. However, the choice of (w,r)
parameters depends greatly on the extent of mobility in wireless Channel B. Evidently, high speed mobility
requires greater robustness in terms of higher w values and/or more frequent context refreshes (lower r values)
to achieve the same compression transparency. The significance of this is that these two parameters should be
made adaptive if the extent of node mobility is not expected to be fixed in deployment scenarios.

The following results demonstrate the three steps involved in our optimization procedure in Section 3.7.2.
Applying Step 1 of our optimization procedure, we examine the asymptotic compression efficiencies of opti-
mized codebooks ‘Pf;{" (w) using (i) direct WLSB encoding and (ii) with intermediate encoding using the MSN
field. Both data sets are benchmarked against the (unoptimized) ROHC codebook in Fig. 18. The case of an
average source and perfect Channel A is assumed. As expected, the use of prior offset against the MSN field, as
prescribed in ROHC-TCP, increases the compression efficiency. We note that the optimized codebook is non-
constant and may change incrementally as w increases. On the other hand, the ROHC codebook remains con-
stant for all context window size w, and it can be seen that its asymptotic compression efficiencies fall below
that from the optimum codebook at all w. In the range w > 3, the ROHC codebook is not far from optimum.
Therefore, the ROHC codebook may be used as a reasonable approximation to Wf];’{‘, which is constant for all
w. It will be demonstrated later how the remaining two parameters wop,; and rop in the optimized scheme
{'I’f;f‘(wopt),wopt,ropt} may be found.

We examine the reason for the compression efficiency improvement due to intermediate encoding in Fig. 19,
which compares the IPID delta cumulative distributions for the two encoding variations on a log scale. Notice
the key difference that the set of distributions with intermediate encoding starts from non-zero probabilities at
the vertical axis where b = 0. This allows WLSB encoded fields to be efficiently encoded into zero bits (i.e.
which is also known as STATIC encoding) with significant probabilities, lowering the mean encoded size.
The choice of the MSN field as the offset base field achieves this remarkably well as it shares the incrementing
characteristic with the IPID field.

4.5

——8—— Optimized parameters, with MSN
——6— Optimized parameters, direct
- - - - ROHC unoptimized parameters (with MSN)

Asymptotic compression efficiency

n
o
T

(0,7,8,9

0.7,8.9) (0,7,8,9)
©

1.5 I I I I I
0 2 4 6 8 10 12

Size of context window, w

Fig. 18. Asymptotic compression efficiencies of optimized codebooks for direct WLSB encoding compared to WLSB with prior offset
against the MSN. This is benchmarked against the ROHC codebook. The case of the average source with perfect Channel A is assumed.
The set of h-parameters {b;},' is shown as a vector for each point.
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Oth order, msn
1st order, msn
2nd order, msn
3rd order, msn
4th order, msn
- Oth order, direct
- 1st order, direct
- 2nd order, direct
- 3rd order, direct
- 4th order, direct

Cumulative density function

‘ ‘ .
0 2 4 6 8 10 12
b=log2(delta+ offset)

Fig. 19. IPID delta cumulative distribution at high orders, without intermediate encoding (direct), compared to that with intermediate
encoding (MSN).

We now illustrate the concept of meeting the desired level of compression transparency guarantee CT geq
using CT;,. Fig. 20 shows two sets of CT,;, curves, at high speed and low speed mobility in wireless Channel
B. The context refresh period, r is fixed in each single curve. We observe that higher context refresh periods
result in lower CT,,;, curves. A horizontal line is drawn at desired CT ;,, = CTges = 0.96 as an example of indi-
cating the desired level of (minimum compression transparency) performance. Given the extent of Channel B
mobility, the points above the line form the set of (w,r) combinations guaranteeing that level of compression
transparency. In Step 2 of our optimization procedure, all combination pairs satisfying this criterion are put
into the set (.

Having obtained the set of (w,r) combination pairs providing transparency guarantee (for a given channel
mobility), the next question arises on which is the best pair to use. This is determined by choosing the pair with
the highest compression efficiency in Step 3 of the optimization procedure. We now consider the spectrum of
CE curves for the case of average source and perfect Channel A in Fig. 21. We note that the asymptotic com-
pression efficiency, CE, is the highest curve at which r — oco. A horizontal desired CT,,;, line in Fig. 20 indi-
cating the desired level of transparency transforms into a dotted curve in Fig. 21. Agreeing with intuition,
curves at higher transparencies suffer slides in compression efficiencies. Another result is that the same desired
level of transparency is achieved at different compression efficiencies depending on the extent of mobility in
wireless Channel B. Finally, the optimum set of parameters {'I’flg’f‘ (Wopt), Wopts Fopt + @t the desired level of trans-
parency CT,,;, can be found at the maxima of the desired CT,;, dotted curve in Fig. 21. For example, suppose
CTges = 0.96 in high speed mobility. In this case, the optimum (w,r) pair, (Wopt, opt) = (7,48), can be found at

the maxima of the CTy,, = 0.96 curve for high speed mobility as shown in Fig. 21. Since wqp is known, the

optimum codebook ng{‘(wopl) for this scenario is obtained by referring to Fig. 18, ie. X% (wop) =

{(0,0), (7,0), (8,0),(9,0), 16}.

Fig. 22 shows the tradeoff involved between the optimum compression efficiencies (from optimized
schemes) and the desired levels of minimum compression transparency. Note that we have not shown the
non-concurrent source results in Fig. 22 because it is simply a horizontal line at CE,, = 40, which is out of
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Fig. 20. Variation of minimum compression transparency, CTy,;, with context window size or robustness, w.

4.5 T T T T T

3.5+ 1
= Low S peed Mobility
2 ‘
L \ T
o \CTI'HIH =0.94
5’. 3l N CTmin = 0,96 i
5 CTmin= 0.98
-g d Maximum CE given CTdes = 0.96 at High Speed Mobility
= Optimum parameters: (wopt,ropt) = (7,48)
[ #
c /
o 2.51 / |
» )
[ r-> Infinity
a
(&S] 2L

e S -
/ = o s -
- 1 ok r=4
1.5 1 s -

CTmin = 0.94 CTmin = 0.96 CTmin = 0.98
I

High Speed Mobility
1 1 1 1 1
0 2 4 6 8 10 12

Size of context window, w

Fig. 21. Compression efficiencies, CE at various context window size, w and context refresh periods, r for the average source and perfect
Channel A.
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Fig. 22. Variation of optimum compression efficiencies with the desired minimum compression transparency, showing the tradeoffs
involved.

scale. Otherwise, due to relatively gentle slopes, we note that the compression transparency improves greatly
with relatively little sacrifice in compression efficiency. This is good news for optimized robust schemes. We
can see that the tradeoff curve obtained is heavily dependent on the nature of the source and extent of mobility
in Channel B. Thus, the effects of different source and deployment scenarios on header compression are too
significant to be ignored.

6. Future work

By proposing our source model, we have taken the first step towards the modeling of real-world operating
environments. We acknowledge that the current source model requires further work for improvement. Future
work involves extending the source model to cover multiple CHANGING fields with inter-dependency, and
the development of a more accurate model with a non-constant number of concurrent flows.

We have also opened up the possibility of performing adaptive scheme optimization. Though we have dem-
onstrated scheme optimization using the source model in this paper, the source model is not mandatory for
this purpose. A header compression system in deployment can also use its trace sequence to compute perfor-
mance metrics online, based on which it can adaptively optimize its parameters following the principles devel-
oped in this paper.

7. Conclusion

We have presented some novel contributions in this paper. For the first time, a source model has been
developed for studying header compression. Since it also models the way packets are generated from a source
handling multiple concurrent flows, the source model can also be used for more general applications. We have
presented a modeling framework allowing the study of header compression performance in different scenarios.
Using our framework, we have offered new perspectives to the definition of performance metrics and studied
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tradeoffs in a novel way. We have shown for the first time that header compression schemes can be optimized
at desired levels of performance. Our results reveal that the common assumption of non-concurrent sources
and perfect Channel A leads to over-optimistic performance evaluations. Finally, we have shown that
achieved performance and tradeoffs are heavily dependent on the source and deployment scenarios, and these
should not be ignored in both scheme design and performance evaluation.

Appendix A. Derivation of Eq. (45)

When N =2, we know from Eq. (33) that there are only two paths out of each state. For any ¢ in
P(A =9|% = (f,,i)), the first 0 — 1 transitions must occur to a state outside the flow of observation, f,; the
last transition is back to f,. Because there is only a single flow outside £, there is only a single deterministic
path to follow. For 6 = 1, the result of Eq. (42) remains unchanged. For § > 2, using the same logic for eval-

uating P(A = 6|% = (f,,1)) in Section 4.1, it is straightforward to obtain the following expression by following
the deterministic path:

P(A=01S = (fo, 1) = (1 — gl )OS, 6 = 2)(1 = g5 ). (A1)
Substituting into Eq. (38), we have for N=2 and § > 2
P(A: p(,fm [ZQ(]LM _ (foz+1 )] XQ(f1,5 2)( qg/;]lo 1 )

P DOUf, 5= 2)(1 = g5 )
B p(fO) 7

The expression inside the square parentheses of the above expression is shown to be 1

[ZQ(fo’z—l ( ““’)“)] =1 (A.3)

5> 2. (A.2)

Proof
S0l = (1 =g =3 00ei 1) = 3 0eri) —1+ZQfo, )= >0
i=1 i=1 i=1 i=1
180U ) - Y 0Uen), where # =i 1,
i'=1

i=1

=1. U

Appendix B. Derivation of Eq. (47)

The nth order delta probability at steady state can be expressed as a fraction of nth and (» — 1)th order joint
probabilities

y, == P(A(HA):L...,A(HA—H):I)

. (B.1)
P(A(ngy)=1,...,A(ny— (n—1))=1)

Consider first the approximated model with infinite states per flow. We can then find the expression for any nth
order joint probability as
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1 n+1 n+2

0,i+1) 0,i+1
pry | DI + e 2 TL o + -
i=1 i=2

f07 c o
2 H G| (B.2)
A fraction of the nth and (n — 1)th order joint probabilities would yield

z n 0l 1 i 1
P(A(nA) = 1""’A(nA _n) = 1) — Z/ IH i E;o y Z} n-HHz nr194 gOer) (B 3)

PAM) =1 A — - D) =1 S T0 g 1+ d

We now adapt Corollary 1 to a more general scenario required in Eq. (B.3) where mapping occurs from state
(f,n + 1) onwards

h=1 PEACZI T

> 1T gy + "Jfﬁf o, 0<n<h -2,
(/1) Jj=n+1 i=n+1 U,,/) i=n+1 B4
Z H i) = hy) (B.4)

Jj=n+1 i=n+1 9irs)
U n=h—1.
“irhp)

Substituting Eq. (B.4) into Eq. (B.3) in the same form as Eq. (47) and noting that

0,ho gll
(1-ai) 3 S g

=n+1 i=n+1
oy = 0:ho) osi+1) B.5
E;o ho) 71_[ 807+ ) 0<n<h, -2, ( )
01h0
q& ho)? n=h,— 1.

we obtain Eq. (47).
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